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5. HNINAN (Cheirotonus parryi Gray)

" YaUNTNTED1® : Thailand

w. AI9ANTTIMN (Prosopocoilus (Cladognathus) giraffe Oliver)

B AUNTNTEY Nepal, Bhutan, India, Myanmar, Thailand, Laos
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®. ANAUVOUNDIUNG (Mouhtia batesi Lewis)

" YaUNTNTED1® : Thailand

<. aautlaury (Mormolyce phyllodes Hagenbach)

" QALNTNIZD1Y : Thailand, Malaysia

=S &l a ==}
&. e lnwesouiiizea (Teinopalpus imperialis Hope)
B YAUNTNTEY Nepal, India, Bhutan, Myanmar, Thailand, China (Hubei,

Sichuan)
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9
b, A aqmmﬁmﬂﬁ’ (Troides amphrysus Cramer)

" AUNINTEY Brunei, Malaysia, Indonesia (Batu, Java, Kalimantan, Nias,

Sumatra)

A
o. AAegInetga (Troides Helena Linnacus)
" AUNTNTENY ; Bangladesh, Bhutan, Brunei, Myanmar, China, India, Indonesia,

Cambodia, Laos, Malaysia, Nepal, Vietnam, Thailand

?

<. i E]uN‘thunﬂmeWiET (Stichophthalma godfreyi Rothschild)

" [ UAUWINTZ1Y : Myanmar, Thailand
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a .
&. WIFOUNNUUVNT (Stichophthalma cambodia Hewitson)

" QAUNTNTEDY : Thailand, Cambodia

A
®0. NIA DUNNYINU (Stichophthalma louisa Wood-Mason)

" QAUNTNIZ1® : Thailand, Myanmar

A
00. MTOUNWYUIDUWILD (Stichophthalma camadeva Westwood)

" UALNINTZ1Y : Myanmar
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a X
olo. AIABNI N (Bhutanitis lidderdalii Atkinson)
" YAUNTNTEY Bhutan, India (Assam, Nagaland, Manipur), Myanmar, China

(Szechwan, Yunnan), Thailand (Chiang Mai)

Y
oo AEDTNIEUN (Papilio protenor Cramer)

B YAUNWINTE1 : Thailand, India, China

1
Y
o&. AADAUMNANI 1T (Meandrusa sciron Leech)

" YAUWINTZ1Y : Myanmar, Thailand, Laos
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a X ~ .
o& AteramuinIfa (Meandrusa payeni Boisduval)

" QAUNTNTEY : Thailand, Malaysia, India (North), China (Hainan)

A
ob. AAON1E1IANALIUNA18ATI (Actias maenas Doubleday)

" QALNTNTZ10 : India, China, Myanmar, Thailand

3

a X A = : .
6. NI 1O T WY (Papilio palinurus Fabricius)

" YALUNTATED1Y : Thailand (South), Myanmar (South), Malaysia, Philippines
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2 o
0. AT NABIUNAWNEN (Actias maenas Doubleday)

O YAUNTNTEY China, India, Myanmar, Thailand, Indonesia

YO

&l v
o&. AIEDY1981TA1)an8n59 (Actias selene Huber)

" AUNINTEY Afghanistan, India, China, Myanmar, Thailand, Malaysia

a X A~ o 9
Wwo. Hi@BYNEITAna8Hdn (Actias sinensis Mell)

" AUNINTE1Y : China (South), Thailand, Laos, Vietnam
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00T

ATTNNIANUIN A. L!ﬁﬂx‘]ﬁ’]ﬂfj'l\‘]ﬂﬁa\ﬁgljﬂya%'lﬂLL‘U‘Uﬁ'fJ“]JE]HJ

N[X X XX XX | X | X Xo | X | Xo | X | X | Xis | X | X | Xis | Xoo | X | X0 | X0 | Xy | X
t|{o| 1 |1 ]o 0|5 ]|0]o0 0 1 0 0 0 0 1 0 1 1 1 1 1 1 1
2 1|1t ol 1o o] 1 1 1 1 1 0 1 1 1 1 1 1 1 1 1
3t 11t o o | s | o1 1 0 0 0 0 0 1 1 1 1 1 1 1 1 1
4 o1 ]o|o |1 |5 ]0]0 0 1 0 1 0 1 1 0 1 1 1 1 1 1 1
s 1| 1|t [o o | 401 0 1 1 1 1 0 0 0 1 1 1 1 1 1 1
6 [ 1| o] 1 [o|lo |6 ]| 0] 1 1 1 1 1 0 1 0 1 1 1 1 1 1 1
70t o |t 1t1|4 0|1 1 1 0 1 1 0 1 0 1 1 1 1 1 1 1
8 [ 1| 1] oo flo o] o0]1 1 1 1 1 1 0 1 0 1 1 1 1 1 1 1
9 1| 1o o] o | 4] o001 1 0 0 0 0 0 1 0 1 1 1 1 1 1 1
|11 |o]o ] o |5 |1 ]1 1 1 1 1 1 1 1 0 1 1 1 1 1 1 1
m| 1|1 |1 ]o0o|o0o] 6| 0]o0 1 0 0 0 0 0 1 0 1 0 1 1 1 1 1
2|1 | 1|1 ]0] 0| 4]o0]1 1 1 1 1 1 0 1 0 1 1 1 1 1 1 1
Blo|o |1 ]o|o0]|4/0]o0 1 1 1 1 1 0 1 0 1 1 1 1 1 1 1
oo | o | 1| 1|3 ]o0]1 1 1 1 1 1 0 1 0 1 1 1 1 1 1 1
1500 1|00 ] 0| 4] 0|1 1 0 1 1 1 1 0 0 1 1 1 1 1 1 1
6|0 | 1 | 1[0 ]| 1 ]o0] 0|1 1 1 0 1 1 0 1 0 1 1 1 1 1 1 1
7o o | 1| 1|0 |5 | 1|1 0 0 0 1 1 0 1 0 1 1 1 1 1 1 1

117 : Microsoft Excel (311471 17 #29819910 500 #19813)
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e +

| Multinomial Logit Model |

| Maximum Likelihood Estimates |

| Model estimated: May 20, 2014 at 00:17:54AM. |

| Dependent variable X24

| Weighting variable None |

| Number of observations 500 |

| Iterations completed 6 |

| Log likelihood function -146.3245 |

| Restricted log likelihood -183.4625 |

| Chi squared 74.27605 |

| Degrees of freedom 23 |

| Prob[ChiSgd > wvalue] = .0000000 |

| Hosmer-Lemeshow chi-squared = 23.51114 |

| P-value= .00139 with deg.fr. = 7 |

e +

o e B it o= F—m o +
|[Variable | Coefficient | Standard Error |b/St.Er.|P[|Z|>z] |Mean ofX |

o o R ettt - Fom o +

Characteristics in numerator of Prob[Y = 1]

Constant -3.78723204 1 -2.908 0036

X1 .02616354 .34274762 .076 9392 .53200000
X2 .23618315 .38342436 .616 5379 .33400000
X3 .21600599 .36380534 .594 5527 .75000000
X4 -.01154622 .37038490 -.031 9751 .50600000
X5 .84459440 .39624563 2.131 0330 .37400000
X6 -.10926565 .09085509 -1.203 2291 3.84200000
X7 .66378313 .39580532 1.677 0935 .27200000
X8 .48170339 .40159549 1.199 2303 .84400000
X9 .36435024 .37330044 .976 3291 .34600000
X10 .75276555 .36266017 2.076 0379 .83200000
X11 .35040265 .41330487 .848 3965 .67000000
X12 .86052936 .41680459 2.065 0390 .61000000
X13 .49150141 .50753577 .968 3328 .80400000
X14 -1.24918088 .50775242 -2.460 0139 .69200000
X15 -.31605679 .37053701 -.853 3937 .29000000
X16 .71795127 .36274738 1.979 0478 .76400000
X17 .81278505 .41110582 1.977 0480 .35600000
X18 -.03545845 .76214797 -.047 9629 .95800000
X19 1.69270034 .56231658 3.010 0026 .94200000
X20 1.29278143 .52446775 2.465 0137 .94200000
X21 .88322179 .74094210 Iy, 1192 2 3a3s3 .96600000
X22 .95100345 SJ/1E358 61 1§ 638 1825 .95400000
X23 -.80060603 .98435923 -.813 4160 .97200000

e +
| Information Statistics for Discrete Choice Model. |
| M=Model MC=Constants Only MO=No Model |
| Criterion F (log L) -146.32447 -183.46250 -346.57359 |
| LR Statistic vs. MC 74.27605 .00000 .00000 |
| Degrees of Freedom 23.00000 .00000 .00000 |
| Prob. Value for LR .00000 .00000 .00000 |
| Entropy for probs. 146.32447 183.46250 346.57359

| Normalized Entropy .42220 .52936 1.00000 |
| Entropy Ratio Stat. 400.49824 326.22219 .00000 |
| Bayes Info Criterion 435.58493 509.86098 836.08317 |
| BIC - BIC(no model) 400.49824 326.22219 .00000 |
| Pseudo R-squared .20243 .00000 .00000 |
| Pct. Correct Prec. 88.20000 .00000 50.00000 |
| Means: y=0 y=1 y=2 y=3 yu=4 y=5, y=6 y>=7 |
| Outcome .1200 .8800 .0000 .0000 .0O0OO .0000 .0000 .0000 |
| Pred.Pr .1200 .8800 .0000 .0000 .00OO .0000 .0000 .0000 |

B ittt e it T +
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t———————— e —— o fom————— F———————— o +
|[Variable | Coefficient | Standard Error |b/St.Er.|P[|Z|>z] |Elasticity]|
t———————— e —— o fom———— F———————— o +
Characteristics in numerator of Prob[Y = 1]
Constant -.26673143 .09378110 -2.844 .0045
Marginal effect for dummy variable is P|1 - P|O.
X1 .00184401 .02417175 .076 . 9392 .00106198
Marginal effect for dummy variable is P|1 - P|O.
X2 .01611091 .02524341 .638 . 5238 .00582517
Marginal effect for dummy variable is P|1 - P|O.
X3 .01593948 .02805315 .568 .5699 .01294128
Marginal effect for dummy variable is P[1 - P|O.
X4 -.00081315 .02608056 -.031 .9751 -.00044541
Marginal effect for dummy variable is P|1 - P|O.
X5 .05529696 .02382321 2. 3 2uly .0203 .02238797
X6 -.00769548 .00636208 -1.210 .2264 -.03200627
Marginal effect for dummy variable is P|1 - P|O.
X7 .04153078 .02194136 1.893 .0584 .01222871
Marginal effect for dummy variable is P|1 - P|O.
X8 .03915537 .03732985 1.049 .2942 .03577466
Marginal effect for dummy variable is P|1 - P|O.
X9 .02454451 .02397771 1.024 .3060 .00919332
Marginal effect for dummy variable is P|1 - P|O.
X10 .06594693 .03859066 1.709 .0875 .05939634
Marginal effect for dummy variable is P|1 - P|O.
X11 .02602349 .03240404 .803 L4219 .01887479
Marginal effect for dummy variable is P|1 - P|O.
X12 .06671342 .03513088 1.899 .0576 .04405395
Marginal effect for dummy variable is P|1 - P|O.
X13 .03942980 .04577196 .861 .3890 .03431803
Marginal effect for dummy variable is P|1 - P|O.
X14 -.07454626 .02621692 -2.843 .0045 -.05584364
Marginal effect for dummy variable is P|1 - P|O.
X15 -.02359430 .02928324 -.806 .4204 -.00740708
X16 .05056468 .02563507 1972 .0486 .04181984
Marginal effect for dummy variable is P|1 - P|O.
X17 .05266514 .02457833 2.143 .0321 .02029621
Marginal effect for dummy variable is P|1 - P|O0.
X18 -.00246320 .05223560 =.047 .9624 -.00255451
Marginal effect for dummy variable is P|1 - P|O.
X19 .21943876 .10979222 1.999 .0456 .22377214
Marginal effect for dummy variable is P|1 - P|O.
X20 .14697994 .08565667 1.716 .0862 .14988243
Marginal effect for dummy variable is P|1 - P|O.
X21 .08812826 .09923523 .888 .3745 .09215822
Marginal effect for dummy variable is P|1 - P|O.
X22 .09654929 .09813041 .984 .3252 .09971012
Marginal effect for dummy variable is P|1 - P|O.
X23 -.04131709 .03587192 -1.152 .2494 -.04347482

Partial derivatives of probabilities with
respect to the vector of characteristics.
They are computed at the means of the Xs.
Observations used are All Obs.
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| Variable | All Obs. |
B et fommmmm + Bt Tttt
| ONE | -.26673 | | Proportions PO= .120000 P1= .880000
| X1 | 00184 | | N = 500 NO= 60 N1l= 440
| x2 | 01611 | | LogL = -146.32447 LogLO = -183.4625
| X3 | 01594 | | Estrella = 1-(L/L0O)"(-2L0/n) = .15294
| X4 | -.00081 | +---—-—-————-—- - =
| X5 | 05530 | | Efron | McFadden Ben./Lerman
| X6 | -.00770 | | 17955 | .20243 .82819
| X7 | 04153 | | Cramer | Veall/Zim. Rsgrd ML
| X8 | 03916 | | 18653 | .30559 13804
| X9 | 02454 | o
| X10 | 06595 | | Information Akaike I.C. Schwarz I.C.
| X11 | 02602 | | Criteria .68130 441.79954
| X12 | 06671 | +t----———————
| X13 | 03943 |
| X14 | -.07455 |
| X15 | -.02359 |
| X16 | 05056 |
| X17 | 05267 |
| X18 | -.00246
fom - fom +
o +
| Marginal Effects for|
fommm - fommmm— o +
| Variable | All Obs |
fommm - e +
| X19 | 21944 |
| X20 | 14698 |
| X21 | 08813 |
| X22 | 09655 |
| X23 | -.04132 |
fommm e fommmm— +
Frequencies of actual & predicted outcomes
Predicted outcome has maximum probability.
Threshold value for predicting ¥Y=1 = .5000
Predicted

________________ + —_———-—
Actual 0 1 | Total
________________ + —_———-——

0 <) bER | 60

1 8 432 | 440
________________ + —_————
Total 17 483 | 500
Analysis of Binary Choice Model Predictions Based on Threshold = 5000
Prediction Success
Sensitivity = actual 1ls correctly predicted 98.182%
Specificity = actual Os correctly predicted 15.000%
Positive predictive value = predicted 1ls that were actual 1s 89.441%
Negative predictive value = predicted Os that were actual 0s 52.941%
Correct prediction = actual 1s and Os correctly predicted 88.200%
Prediction Failure
False pos. for true neg. = actual 0s predicted as 1s 85.000%
False neg. for true pos. = actual 1ls predicted as Os 1.818%
False pos. for predicted pos. = predicted 1s actual Os 10.559%
False neg. for predicted neg. = predicted Os actual 1s 47.059%
False predictions = actual 1ls and Os incorrectly predicted 11.800%
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